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Motivation 1, Results

Training data: CCCV charge/discharge curves at different C-rates +
pulsed charge and discharge

« Growing demand for lithium-ion batteries in complex fields
of application
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Two training parts: " o
1. Training of a static network:
* the double-layer capacitance C; in ed. (2) was neglected _
 training data from constant current constant voltage charging and C() N C| UsSions

discharging
* 300 epochs
2. Pre-trained parameters were used for the dynamic modelling
» the full grey-box model was used
« training data from charging and discharging with current pulses
30 epochs
Test: synthetic load profile

« Derivation of a grey-box model from a physics-based equivalent circuit model
based on a coupling of physics-based ordinary differential equations and neural
ordinary differential equations

« Reproduction of training data including fast dynamics with good accuracy

« Good agreement with experimental data for the test data set despite the small
training database
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C = wy = 191.50 Ah
Dhys = Wy = 11.25mV
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