Configuration and Sizing of Machine Learning Algorithms for Battery SOC, SOH, and
Temperature Estimation
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Figure 1 Comparative study of recurrent LSTM & non-recurrent FNN for SOC estimation
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(a) Convolutional neural network SOH estimation algorithm structure
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(b) Error versus number of layers and number of aging datasets in training
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(c) Impact of augmentation of neural network training data with noise

Figure 2 Convolutional neural network configuration and approach for SOH estimation
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(a) Input feature combinations, Ta is ambient
temperature, Vi and I; are filtered voltage / current
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(b) Error for different input features and network
types
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Figure 3 Feature selection and neural network type study for temperature estimation




